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AVOD-FPN[4] | 50.8 42.81 [40.88|58.75| 51.05 |47.54 0.10
OHS-Direct [5] [51.29| 44.81 [41.13|55.90| 49.48 [45.79 0.03
TANet/[6] 53.72| 44.34 140.49|60.85| 51.38 |47.54 0.035
RETFIR 35.99| 27.77 |25.19|44.50| 35.15 |25.19| 0.21
AVOD-FPN(val) [48.90| 46.29 [41.61|54.55| 50.24 |46.80 0.11
REFE (val) |57.64| 53.00 |47.67|63.90| 58.43 |53.53 0.21
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